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9TO¥ KHUTE — UTO MTOHPaBUJIOCh WJIM, MOXKET ObITb, He TOHPaBWIOCh. OT3bIBbI BASKHbI
IJIST HaC, UTOOBI BBITYCKATh KHUTHU, KOTOPbIe OYIYT IJ151 BAC MaKCMMAa/IbHO TTOIe3HBI.

Bbl MOXeTe HamucaTbh OT3bIB HAa HalleM caite www.dmkpress.com, 3aiiisl Ha CTpa-
HUILy KHUTU U OCTaBMB KOMMeHTapuii B pasneiie «OT3bIBbI U peLieH3um». Taxke
MOXHO MOWIaTh NMUCbMO IVIaBHOMY pemaKTopy IO aapecy dmkpress@gmail.com;
IIpY 9TOM YKaKMUTe Ha3BaHMe KHUTY B TEME MMCbMa.

Eciu BbI sIBJISIETECH OKCIIEPTOM B KaK0ii-11060 06/1aCTI 1 3aHTePeCcoBaHbI B Haryca-
HUM HOBOJ KHUTM, 3aTI0/THMTe (JOopMY Ha HallleM caiiTe TIo aapecy http.//dmkpress.com/
authors/publish_book/viny HaMILIUTe B U3AATENbCTBO 110 afpecy dmkpress@gmail.com.

CnuncoK OMNEYATOK

XOTs1 MbI MIPUHSUIA BCE BO3MOKHBIE MEPBI [JIS TOrO, YTOGbI 06ECIIeUNTh BhICOKOE
KauvyeCTBO HAIIIMX TEKCTOB, OMIMOKY BCe paBHO cydaroTcs. Ecv Bel HalimeTe ommoKy
B O[THOJ M3 HAIIMX KHUT — BO3MOKHO, OIIIMOKY B OCHOBHOM TEKCTe VJIY IIPOTPaMM-
HOM KOfie, — MbI Oy[leM oueHb OJ1arofapHbl, €I BbI COOOIINTEe HaM O Heii. Coenan
9TO, BbI M30aBUTE OPYIUX YUTATENEN OT HEAOTIOHMMAHMS Y IOMOKEeTe HaM Yayd-
MINTH MOCIeAYIONIE U3AAHUS STO KHUTH.

Eciu BBl HalifeTe Kakue-1nb0 OmMOKM B KO, MOXKATYIICTa, COOOIINTE O HUX
[JIaBHOMY pelaKTOPy MO agpecy dmkpress@gmail.com, v Mbl UCIPABUM 3TO B CJIe[ly-
IOLIUX TUPaXKaX.

HAPYWEHWE ABTOPCKMX NPAB

InpaTCcTBO B MHTEpPHETE MO-TIPEKHEMY OCTAeTCsl HACyI[HOW mpobiemoii. M3pa-
TenbCTBO «IMK IIpecc» oueHb cepbe3HO OTHOCUTCS K BOIIPOCAM 3alUThl aBTOP-
CKUX MpaB U JUIeH3UpOBaHMs. ECIM BbI CTOJKHETECh B MHTEepPHETe C He3aKOHHO
nmy6IMKanyei Kakoii-1mM00 13 HalllMX KHUT, TOXKa/IyiicTa, MPUIIUIUTE HaM CChUIKY Ha
MHTEePHeT-Pecypc, YTO6bI Mbl MOIJIY IIPUMEHUTH CAHKIIUMA.

CchlIKY Ha OJI03pUTE/IbHbIe MaTepraibl MOSKHO MPUCIATh [0 afipecy
dmkpress@gmail.com.

MpbI BBICOKO II€HMM JII00YI0 [TOMOIIIb IT0 3aIMTe HAIlIMX aBTOPOB, 611aroapst KOTo-
pOJi MbI MOXXeM MPeAoCTaB/IsITh BaM KaueCTBeHHbIe MaTepuabl.
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Mpepucnosue

IMo6po MoykayoBaTh B HAIl OHIATHOBBIN YUeOHMK TI0 MTPOTHO3YPOBAHMUIO.

Llenb aTOTO YUeOHMKA — IaTh BCECTOPOHHEE BBeIeHMe B METOIbI IPOTHO3MPOBA-
HUSI U TIPEJICTaBUTh AOCTATOUHO MHGOPMAIIMM O KAKIOM METOe, UTOObI UMTATEIN
MIMeJI BO3MOKHOCTb Pa3yMHO MX MCIIONb30BaTh. MbI He IbITaeMCS IIOAPOOHO 06-
CYKIaTh TeOpETUYECKIE NeTa/IN, IeXalllyie B OCHOBE KaKOr0 MeTOA, XOTS CChIIIKU
B KOHIIe KasKI 01 IJ1aBbl OYIYT COmepsKaTh MHOTYE U3 STUX IeTaJleil.

Kuura Hanucana ajist Tpex ayguTtopuii: (1) ntomeii, KOTOpble 3aHMMAIOTCS TIPOT-
HO3VMPOBaHMEM B GM3Hece, XOTS Y HUX, BO3MOYKHO, He ObLJI0O HMKAKOTro (opMaabHO-
ro 06y4eHmsI B 3TOM 06;1acTy; (2) CTyIeHTOB 6akaaaBpuara, u3yJdarmnux 6usHec; (3)
CTYIEHTOB TI0 mporpaMmme MBA, n3syvaoinx (GakyibTaTUB 10 MIPOrHO3MPOBAHMIO.
MbI camMy MCITONIb3YeM 3TOT YUeOHMK MJIS CTYAEHTOB MarMCTPaTypbl U CTYIEHTOB
TpeTbero Kypca 6akajgaBpuara B YHUBepcuTeTe MoHaI, ABCTpaus.

B 6GOBIIMHCTBE Pa3Ae/ioB Mbl IIPeArojaraeM, YTo YUTaTe M JUIIb cJIerka 3Ha-
KOMBI C BBOJHOJ CTaTUCTUKOI U ¢ aireGpoii cpeaHeii mIkosbl. ECTh Mapa pasiennos,
KOTOPpbIE TaKKe TPeOYIOT 3HAHMS MaTPUII, HO OHM TTIOMEUEHBI.

B KOHIIe KaskIoJi IMIaBbl MbI IIPUBOAVM CIIMCOK «Ja/JbHEeNIIero uTeHus». B menom
9TV CIVMCKY BKIIIOUAIOT IIpejiaraeMble YUYeOHVKM, KOTOpble 06ecreunBaioT Gosee
yIIy6lIeHHOe WU Moapo6GHOe pacCMOTpeHye mpenmMeTa. TaM, rme HeT MOIXOMISIIEro
yueOHMKa, MbI IpejiaraeM >KypHaJIbHbIE CTaTbl, COmepsKaliye 60biie MHGOPMAaIInA.

Ha nipotsikeHnuM Bceli KHUTY MbI UCTIOb3yeM SI3bIK TTpOrpaMMupoBanus R u xo-
TUM, YTOOBI CTYIEHTbI HAYYWICh JIeIaTh MTPOTHO3bI C TOMOIIbIO R. I3bIK R Gecriia-
TeH ¥ JOCTYIeH MPaKTUYeCK! B JIF0607 OMepaiMoHHoi cucTeMe. ITO IIPeKpacHbIi
MHCTPYMEHT JJ1s1 TI060T0 CTaTUCTUYECKOTO aHa/IM3a, a He TOIbKO IJIsI IPOTHO3UPO-
BaHMs. UHCTPYKIIMY O MHCTA/UIMPOBAHUIO U UCIIOAb30BAHUIO R CM. B MpUIOXKe-
Huu A «Vcronb3oBaHue s13biKa R».

Bce mpumeps! Ha R B KHUTre OCHOBaHbI HA AOMYIIEHNN, UTO Bbl CHAUa/Ia CKavyaau
nakert fpp3:

library(fpp3)

#> — Attaching packages fpp3 0.4.0 —
#> v tibble 3.1.6 v tsibble 1.1.1

#> + dplyr 1.0.8 v tsibbledata 0.4.0

#>  tidyr 1.2.0 Vv feasts 0.2.2

#> v lubridate 1.8.0 v fable 0.3.1

#> Vv ggplot2 3.3.5

#> — Conflicts fpp3_conflicts —
#> X lubridate::date() masks base::date()

#> X dplyr::filter() masks stats::filter()

#> X tsibble::intersect() masks base::intersect()
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#> X tsibble::interval() masks lubridate::interval()
#> X dplyr::lag() masks stats::lag()
#> X tsibble::setdiff() masks base::setdiff()

#> X tsibble::union() masks base::union()

OTO MO3BOMINUT 3arpy’kaTh COOTBETCTBYIOIIME HAOOPBHI JAHHBIX U MPUKPEILISTH
HECKOJIbKO TaKeTOB, KaK yKa3aHo BbIlie. K HMM OTHOCSATCS HECKOJIbKO IMaKeTOB
tidyverse U MaKkeThI AJ1 06PAbOTKM BpEMEHHBIX PSIIOB M ITPOTHO3MPOBAHMS B paM-
Kax «4ncToi» (tidy) CTpyKTYpBI.

B mpuBeneHHOII BbIllle pacreyaTke TakKe MOKa3aHbl BEPCUM TTAKeTOB, KOTOPbIE
MBI MCITOJIb30BAJIM TIPU COCTABJIEHUY 3TOTO M3MaHUsI KHUIM. HeKoTopbie mpuMepbl
B KHUTe He OyayT paboTaTh ¢ 60jiee paHHMMM BepCUSIMU TTaKeTOB.

Haxownerr, B pacrieyaTke mepeunc/ieHbl HEKOTOpble KOHGIMKTBI, TOKa3bIBAIOIINE,
Kakast QyHKIMS OyIeT MpearouTuTeabHee, Korga GyHKIMS ¢ TeM JKe MMeHeM Ha-
XOAUTCST B HECKOIbKYX TTaKeTax.

OJTa KHUTa HECKOIBKO OTJIMYAETCS OT IPYTUX YUeOHUKOB 110 TPOTHO3MPOBAHMIO:

O ona 6ecriaTHA U JOCTYITHA OHJIANH, UTO [Ie/IaeT ee JOCTYITHO JJIsT IMPOKO
ayouUTOPUN;

O B Heil UCTIONB3YETCS SI3bIK R, IBJISIOMIMIACS 6eCIUIaTHBIM, MMEKIIYM OTKPbI-
ThIM UCXOOHBINA KO, M MIPeACTaB/SIONIMIT Ype3BbIYaiiHO MOIIIHOE TPOrpaMMm-
Hoe obecrieueHue;

O omnsaitHOBas BepCus TTOCTOSIHHO OOHOBIISIETCSI. BaM He HY)KHO KIATh Cllemy-
IOIETO BBIMYCKA, YTOOBI YCTPAHUTD OMIMOKM WM OOCYIUTb HOBbIE METOIbI.
Mpb1 6yeM OOHOBJISITh KHUTY YacTo;

O  ecTb JecsATKM IPUMePOB peaTbHbIX TaHHBIX, B3SATHIX 13 Hallleli COOCTBEeHHOM
KOHCAJITUHTOBOI MPaKTUKNU. Mbl paboTany ¢ COTHSIMU IIPeNIPUSITHIL 1 opra-
HM3aIMi, TOMOTasi UM B BOIIPOCAxX MPOTHO3MPOBAHMSI, M STOT OIIBIT BHEC He-
TOCPeICTBeHHbBIN BKJIAL BO MHOTHME MPUBeAeHHbIe 3[eCh TPUMEpBI, a TakKe
OIpeieNnI Hally o611yIo Gui1ocopHio MPOrHO3MPOBAHMS;

O bl yaensem rpadguueckum MeTonam 60sbliie BHUMAaHMS, 4YeM O0IbITMHCTBO
MIPOTHO3MUCTOB. MbI UCIOMb3yeM IpadmKy /15 MPOBENeHNST pa3BebIBaTeb-
HOTO aHa/IM3a JAHHbIX, AHAIM3a BATMITHOCTY MTOJNOTHAHHBIX MOJIeNei U Tpef -
CTaBJIeHMSI Pe3y/IbTaTOB IIPOTHO3MPOBAHMSI.

MU3meHeHus B TpeTbeéM U3paHuun

Hanbomnee BayKHbIM M3MEHEHVEM B 3-M U3JaHMUM KHUTU SIBJISIETCS TO, YTO MbI MICITOJTb-
3yeM nakeTbl tsibble u fable BMecTo makera forecast. 3TO MO3BOJISIET HAM TECHO
MHTETPUPOBATHCS C KOJUTeKIMel makeToB tidyverse. Kak ciemcTBue Mbl 3aMeHUIN
MHOTV€e 06pa3Iibl, YTOOBI BOCIIOIb30BAThHCS ITPEVIMYIIECTBAMM HOBBIX BO3MOKHOCTEIA.

MbI TakKe T06aBMIM HEKOTOPbIE HOBbIE MATEPMAJIbI 10 MTPM3HAKAM BPEeMEHHBIX
PSIIOB ¥ PeOPraHM30BaIM COAEPsKaHMe TAKMM 00pa3oMm, UTOObI B IIaBax 2—4 06CYK-
JaJIcsl pa3BedbIBATeIbHBIN aHAIM3 BPeMEHHbIX PSIOB, Mepel TeM Kak IpeiCcTaB-
JIITh KaKye-1Mb0 MeTOMbI IMTPOTHO3MPOBAHMS. DTO CBSI3aHO C TEM, UTO CHAYaIa Mbl
IOJKHBI XOPOIIIO TMTOHMMATh HAIlllM BpeMeHHbIE PSJIbI, X 3aKOHOMEPHOCTU U TIPU-
3HAKY, IPEKAEe YeM IBITAThCSI CTPOUTD KaKye-11Mb0 MOAENN U Ie/laTh Kakue-11ubo
TTPOTHO3BI.
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BHUMaTe/IbHbIE UMTATEIN TPEIbIOYIINX BEPCUil KHUTY COOOIIAIM HaM O JIIOOBIX
0o6Hapy>KeHHbIX MMM OTlevaTKax Wiy omybokax. OHY HeMeIjJeHHO OGHOBJISINCH
B OHJIAITHOBOM peskuMe. be3 coMHeHMsI, Mbl IOITYyCTUIM HECKOIBKO HOBBIX OIIMOOK,
¥ MbI MICIIPaBMM UX OHJIAliH, KaK TOJIbKO OHM OyIyT 0OHapyKeHbl. [ToskastyiicTa, mpo-
IoykajiTe coobIaTh HAM O TaKuX Belax (https.//bit.ly/fpptypo).

Eciu y Bac ecTh BOIIPOCHI 00 MCITONIb30BaHUM MAKeTOB R, 06CYy;KIaeMbIX B 3TOIA
KHUTe, WM O MPOTHO3UPOBAHUM B 1I€JIOM, TO, MOXKaIyiiCTa, 3amaiiTe ux Ha Be6-
caiite coobiiectrsa RStudio (https.//bit.ly/fop3help).

CuacTaMBOro MPOTrHO3MPOBaHMS !
Po6 [Ikeit Xaiinaman u [I3KOpask ATaHACOITYJIOC
Maii 2021 roga

[ UMTUPOBAHUS OHJIAIHOBOW BEPCUM ITOM KHUTU, TTOKAIYIACTA, UCIIONb3YITe
clenyolee:

Xaiinoman P. . u Amanaconynoc . (2021) IIporHo3upoBaHue: MPUHIIAIIBI
U TIpakTHKa. 3-e usm. OTexts: Menb6ypH, ABcTpanus. OTexts.com/fpp3.

dTa oHJIaiiHOBAs BEPCYSI KHUTY B [TOC/IeIHIT pa3 0GHOBJIsIIACh 15 mioHs 2022 roza.

[TleyaTHas Bepcus KHUIM (HOCTYIIHA Ha Amazon, https.//otexts.com/fpp3/buy-a-
print-version.html) B mociequuit pa3 ooHosasiach 31 mast 2021 ropa.
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Mpucrynas K pabore

[TpenckasaHue 04apOBBIBAJIO JIOAEI Ha IPOTSDKEHUM ThICSTUeNeTHI, MHOTA CYMUTa-
SICh IPVI3HAKOM OOKeCTBEHHOTO BIOXHOBEHMS, & MHOTAA PACCMAaTPUBAasICh Kak IMpe-
CTyIHAs IesiTelbHOCTb. EBperickuii mpopok Wcaiia Hanmcan npumMepHo B 700 romy
JIO Hallleli 3pbI:

Craxcume, umo npou3sotioém e 6yoyuiem, u Mol 6y0em 3Hamv, 4mo 8st 602U.
(Mcans 41:23)

Cro J1IeT cITycTs, B ApeBHeM BaBuiioHe, IipecKasaTey mpeaBeniany Gymyliee, oc-
HOBBIBASICh HA pacrpeneneHNN IMUMHOK 10 THUJION OBeubeli IiedeHn. [IpyMepHO B TO
K€ BpeMsl JTIOJTIA, JKeJIaloIiye MOTyYMTh IPOTHO3bI, OTITPABJISINCE B [lenbdbl B I'periym,
YTOOBI TOCOBETOBATHCS ¢ OPaKy/IOM, KOTOPBIi TaBa CBOM IpelcKa3saHusl, HaXOAsICh
B COCTOSIHMM aJTKOTOJIbHOTO OTIbsSTHEHMSI TTapaMM 3TuieHa. [IpenckasaTesnsiM IpUIIIOCh
TpymHee Ipyu uMIiepaTope KoHcTaHTMHE, KOTOPBIN B 357 romy Halllei 3pbl U31aj yKas,
3aTpenaInyi KoMy ObI TO HY ObUIO «CIIPABJISIThCS Y MPOBM/ILIA, MaTeMaTUKa M
npencKasaTesis... [TycTh JII0OOIBITCTBO K IIPeCKa3aHuio OyayIlero yMoJKHEeT HaBcer-
Ila». AHAJIOTMYHBIN 3aITpeT Ha MpeIcKasaHus 6611 BBeeH B AHIIMM B 1736 ToIy, KOTma
MOILIEHHMYECTBO MyTeM B3MMaHMS JeHer 3a IpeacKa3aHus CTajo MpecTyIlleHueM.
HaxkasaHueM 6bII0 TpeXMeCSIUHOe TIOPEMHOe 3aK/II0UeHNe ¢ KaTOPKHbIMM paboTamu!

[TepemeHuMBast cyabba IPOTHO3MCTOB BO3HMKAET M3-3a TOTO, UTO XOpOIIue
MIPOTHO3bI MOTYT Ka3aThCS TIOUTH BOJIIEOHBIMY, B TO BpeMs Kak IIJIOXMe TTPOTrHO3bI
MOTYT GBITH OMACHBIMU. PACCMOTPUM CiIeAyIONIVe M3BECTHbIE TIPeICKa3aHMsI O BbI-
YMCIUTEIbHON TEXHUKE.

O 4 mymaro, YTO Ha MUPOBOM DPbIHKE CYIIECTBYET, MOKET OBITh, ISITh KOMIIbIO-
Tepos. (IIpencenarens npasnenus IBM, 1943)

O KommbioTepsl B 6yayIeM MOTYT BecuTh He 6osee 1.5 T. ([TommyasipHast Mexa-
HUKa, 1949)

O Her HMKaKUX MPUUYMH, IO KOTOPBIM KTO-TO XOTeN Obl MMETh KOMITHIOTED
B cBoeM mome. (IIpesugent kommnanuu DEC, 1977 roma)

[Mocmequmii M3 HUX GbUT CAEIaH BCETO 3a TPU Tofa 10 TOro, Kak IBM BbIycTMIa
MePBbIii TIePCOHAIBHBI KOMITbIOTEP. HeyIuBUTENIBHO, YTO BbI GOJIbIIIE HE MOXKETE
KynuTh KomiibioTep DEC. O4eBUIHO, UTO MPOTHO3MPOBAHME — ITO CJAOXKHAS Aes-
TeJTbHOCTb, ¥ KOMITAHUM, KOTOPBIE Ieal0T 3TO XOPOII0, MMEIOT OOIbIIOe TTPenMy-
1eCTBO TepeJi TeMU, YUbM TTPOTHO3bI TEPIISIT HEyIauy.

B 3TOiT KHMre MbI pa3BemaeM Hambojee HalesKHbIe METOIbl TeHepUPOBAHMS
MIPOTHO30B. AKIIEHT OyJeT cAelaH Ha MeToHax, KOTOpble MOXXHO BOCITPOM3BOAMUTD
M TECTUPOBATH U KOTOPbIE, KaK ObIJIO JOKAa3aHO, pabOTAIOT Ha MPaKTUKe.
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1.1 Y710 MOXXHO NPOrHO3UPOBATbL?

IIporHosupoBaHMe TpeOyeTcss BO MHOIMX CUTYALMSIX: IJIs TIPUHSTUS peIIeHNs
O CTPOMTE/IbCTBE ellle OMHOI JeKTPOCTAHIMM B GysKaiilie TSTh JIET TPeGyTCs
MIPOTHO3bI GYAYILEro CIIpoca; IJisi COCTABIEHMS pacMcaHms IepcoHasa B IeHTpe
06paboTKY 3BOHKOB Ha CJIeAyIOIIeit Hemese TpeOyIOTCs POTHO3bI 00BEMOB 3BOH-
KOB; /ISl MTOTIOJIHEHMST 3aIlacoB TPeOyIOTCSl IIPOrHO3bl MOTPEOHOCTe! B 3amacax.
ITporHO3bI MOTYT TPEOOBATHCSI HA HECKOJIBKO JIET BIIEpe[ (B Clydyae KallMTaabHbIX
BJIOKEHMIT) MM BCErO Ha HECKOJIbKO MUHYT (/IS MapIipyTU3UPOBaHMsI TEIeKOM-
MyHMKaiuit). Kakumu 6b1 HU ObLIM OGCTOSITEICTBA MM BpeMEHHbIe TOPU30HTHI,
MIPOTHO3MPOBAHME SIB/ISIETCSI BasKHBIM ITOACIIOpbeM Jist 3¢G(EKTUBHOTO U Pe3yiib-
TaTUMBHOIO TJIAHMPOBAHMS.

Hekoropble Belly Jierue MmpenckasbiBaTh, UeM Ipyrie. Bpemst Bocxoma COJHIIA
3aBTpa YTPOM MOKHO TOUHO Ipenackasath. C IPyroi CTOPOHBI, 3aBTpaIllHIe JIOTe-
pejiHble HOMepa HeBO3MOXKHO ITPeICKa3aTh C KaKoii-I1M60 TOUHOCThIO. [Ipenckasye-
MOCTb COBBITHS MJIM KOJIMUYECTBA 3aBMCUT OT HECKOIbKMX (PAKTOPOB, BKIIOUAS:

1) HacKoOJbKO XOPOIIIO MbI IIOHMMAaEM CITOCOOCTBYIOIIVE STOMY (DAKTOPBI;

2) KakoB 00beM JOCTYITHBIX TaHHBIX;

3) Kak OyayIiee IMOXOKe Ha MPOIIJIoe;

4) MOTYT JI TPOTHO3bI TIOBJIMSITH HA TO, YTO MbI ITBITAEMCSI CITPOTHO3MPOBATb.

Harpumep, KpaTKOCPOUHbIE IIPOTHO3bI CITPOCA Ha 3JIEKTPOIHEPTHUIO B SKUJIBIX J0-
Max MOTYT 6bITh OU€Hb TOYHBIM, TOCKOIBKY O6BIYHO YIOBIETBOPSIIOTCS BCE UETHI-
pe yCJIoBuSI.

1. Y Hac ecTb XOpolilee MMpeAiCTaBAeHME O CIIOCOOCTBYIOMIMX (haKTOpax: CIIpocC Ha
3JIEKTPOIHEPTUIO B OCHOBHOM 3aBUCUT OT TEMITEPATYPbI, C MEHBIIUM BJIMSI-
HMEeM KaJIeHIApHbIX M3MeHeHMIi, TaKMX KakK MPa3gHUKA, ¥ SKOHOMMUUECKUX
YCIIOBUIA.

2. OGBIYHO eCThb IAHHBIE O CITPOCE HA TEKTPOIHEPTHUIO 32 HECKOJIBKO JIET U JaH-
HbI€ O MOTOHBIX YCJIOBUSIX 32 MHOTHE IeCSITUIETHUS.

3. B cryuae KpaTKOCPOYHOTO MPOTHO3MPOBAHMS (M0 HECKOIbKUX HEJENb) MOX-
HO C YBEPEHHOCTBHIO ITPE/ITIONIOKUTH, UTO MIOBEJEHNME CITpoca OyIeT aHaIOT Y-
HBIM TOMY, UTO HaGJII0[Ia7I0Ch B TIPOIILJIOM.

4. [lng 6GoNbIIMHCTBA GBITOBBIX ITOTPeOMTE I IeHa Ha SJIEKTPOIHEPTHUIO He 3a-
BUCHUT OT CIIPOCA, U TTO3TOMY ITPOTHO3bI CIIPOCA MPAKTUYECKN He BIMSIOT Ha
MOBe/IeHNe MTOTpebuTeNeii.

[Tpu yCIOBMM UTO Y HAC €CTh HAaBBIKM Pa3pabOTKM XOPOIei MOEM, CBSI3bIBAIO-
IIelt CIIpoC Ha 3JIEKTPOIHEPTHUIO C KITIOUEBBIMY (haKTOpaMU, IIPOTHO3bI MOTYT ObITh
YIUBUTETbHO TOUHBIMMA.

C Apyroit CTOPOHBI, MPU MTPOTHO3MPOBAHMUM KYPCOB OOMEHA BaJIIOT YIOBIETBO-
psIeTCs TOJIbKO OJTHO U3 YCIOBUIA: €CTh JOCTaTOYHO JaHHbIX. OMHAKO Y HAC OrpaHu-
YyeHHOe MMoOHMMaHue GaKTOPOB, BIAMUSIONX Ha 0OMeHHbIe KypChl, Oymyliiee BIIOTHE
MOXKET OTIMYAThCS OT MPOIIOTO, eCJIM B OMHOI M3 CTpaH MPOou30iaeT GpuHaHCO-
BBIIi WIM TIOIMTUYECKUIT KPU3UC, a TIPOTHO3bI OOMEHHOTO Kypca OKa3bIBAIOT M-
MoOe BIMSHME Ha caMy Kypchl. ECM ecTh MIMPOKO pa3peKkiIaMypOBaHHbIE TTPOTHO3bI
0 TOM, UYTO OOMEHHBIII Kypc 6yIeT pacTu, TO JIIOAY HEeMeIJIEHHO CKOPPEKTUPYIOT
IIeHY, KOTOPYIO OHM TOTOBBI 3aIUIATUTh, ¥ MTO3TOMY ITPOTHO3bI CAaMOPeaTN3yI0TCs.
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B HEKOTOpPOM CMbIc/ie 06MEHHbIE KypChl CTAHOBSITCS MX COOCTBEHHBIMU MTPOTHO3a-
M. DTO IIPUMeED «IUIOTe3bl 9PHEKTUBHOTO pbIiHKa». C/leq0BaTeIbHO, IPOTHO3UPO-
BaHMe MTOBBIIIEHNS WK MTaleHNs 3aBTPaIIHero 06MeHHOT0 Kypca IIPMMEPHO TaK ke
TpencKasyeMo, Kak IPOrHO3MpoBaHMe BbIMafeH!s TOA6POIIeHHO MOHETHI OPJIOM
VU Pelkoii. B 06enx cuTyanusx Bbl 6ymeTe mpaBbl IpUMepHO B 50 % ciryyaeB, UTO
OBl BbI HY MPOTHO3UPOBA/IN. B MOZOOGHBIX CUTYAIMSIX TTPOTHO3VCTHI TOJIKHBI OCO-
3HaBaTh CBOM COOCTBEHHbIE OTrpaHMYEHMs 1 He Tpe6oBaTh 6OJIbIIIe, YeM BO3MOSKHO.

YacTo mpy MPOrHO3MPOBAHUM KITIOUEBBIM IIATOM SIBJISIETCS 3HAHME TOTO, KOTma
YTO-TO MOYKHO TOYHO CIIPOTHO3MPOBATh, a KOTIA IMPOTHO3bI OYIYT He JIydilie MOf-
OpachIBaHMSI MOHETKM. XOPOIIVe ITPOTHO3bI OTPAsKAIOT MOAJIMHHbIE 3aKOHOMEPHO-
CTU ¥ B3aMMOCBSI3Y, CYIIECTBYIOIIYE B MCTOPUUECKMUX JAHHBIX, HO HE MOBTOPSIOT
TIPOIIITIbie COOBITHS, KOTOPbIE GOJIbIIIEe He MOBTOPSTCS. B 3TOI KHUIe MbI y3HAeM,
KaK OT/IMYATDh CJIYUAiiHYIO (IIYKTYaLIO B MPOIILIBIX TaHHBIX, KOTOPYIO CJIeIyeT UT-
HOPMPOBATh, OT MOAJMHHOI 3aKOHOMEPHOCTM, KOTOPYIO CJIeAyeT CMOIEIMPOBaTh
U 9KCTPAIoNMPOBATh.

MHorMe JII0AY OIIMOG0YHO IT0/IaTaloT, YUTO B MEHSIONIMXCS YCIIOBUSIX TTPOTHO3bI He-
BO3MOXKHBI. JTI06as cpea MEeHSIeTCsT, M XOPOIast MOJIe/Ib MTPOTHO3MPOBAHMS Y/IaBIy-
BaeT TO, Kak Bce MeHsieTcs. [[pOrHO3bI peAKO CTPOSIT Ha TOM, UTO OKpYsKalolas cpena
ocraeTcss HeM3MeHHO. OObIYHO MCXOMST U3 TOTO, YTO XapaKTep M3MEHEeHUsT OKpY-
Kaloleil cpenbl 6ymeT MpomoykaThcs U B GymynieM. To eCTb CMJIBHO M3MeHYMBAsI
cpema 6yIeT ocTaBaThCsl OUeHb M3MEHUYMBOI; OM3HeC ¢ KOIeOmonyMucs o6beMamMmmu
Mpoaak 6ymeT MPoJo/KaTh MMETDb KOlIe6olecs: 00beMbl IMPOaask, a 9KOHOMUKA,
KOTOpast Tepeskuia MOgbeMbl U CIafbl, 6YIET MPOmo/KATh IMePeXkUBATh MOIbEMbI
U criagbl. Momesb TPOrHO3MPOBAHMS TIpeAHa3HaueHa IJIsl TOTO, YTOObI YIaBIMBaTh
TO, KaK JBMKYTCSI COOBITHS, @ HE TOJIbKO TO, THe OHM HaxomsTcs. Kak ckasan ABpaam
JInHKobH: «EC/iy 6bI MBI MOTJIM TIPEXIE Y3HATb, [Ie Mbl HAXOAMMCS M KyIa MbI IBM-
SKEMCST, TO MbI MOIJIY ObI JTyUIlle CYIUTb, UTO AEJIATh ¥ KaK 3TO JeIaTh».

CuTyanyu IporHo3MpPOBaHMSI CUTbHO Pas3/IMYaioTCs IO CBOMM BPeMEHHbIM TOPU30H-
TaM, akTopam, orpenesiouM GaKkTUIecKye pe3yabTaThl, TUIIAaM MOJIeIeli JaHHbIX
¥ MHOTMM JIPYTMM acIieKTaM. MeToIbl ITPOrHO3MPOBaHMsI ObIBAIOT ITPOCTHIMM, TAKVMU
KaK MCIOTb30BaHMe CaMOro ITOCIeTHEro Hab/momeH st B KaueCcTBe MPOrHo3a (KOTOPbIi
Ha3bIBaeTCSI HAMBHBIM METOIOM), WJTM OYeHb CJIOKHBIMU, TAKMMM KaK HEIipOHHbIE CeTU
¥ 9KOHOMETPHUUECKMe CYCTEMbI OHOBPEMEHHbIX YpaBHeHMit. IHOTIa JaHHbIe BOOOIIE
OyIOyT OTCYTCTBOBaTh. Harpumep, y HaC MOKET BOSHUKHYTb MOTPEGHOCTD CITIPOTHO-
3UPOBATh MPOIAKM HOBOTO MPOAYKTA B MEPBbIi TOJl €r0 BIITyCKa, HO OYE€BUIHO, UYTO
JIAHHBIX JJIsI PAaOOTHI HET. B TOMOOHBIX CUTYaLMSIX MbI MICITOJIb3YeM CY)KIeHUecKoe (VT
paccyIouHOe) MPOrHO3MpOBaHye, paCCMOTPEHHOE B IIaBe 6. BbIGOP MeToma 3aBUCUT OT
VMMEIOIIVIXCS TAHHBIX U MTPeICKa3yeMOCTH ITPOTHO3UPYEMOIi BEJTMUMHBI.

1.2 nPOFHO3MPOBAHME, LLEU U NNAHUPOBAHUE

TIporHO3MpOBaHMe — 3TO OObIUHASI CTATUCTUYUECKAsI 3a7jaua B 6M3Hece, e OHO I0-
MOraeT NPUHMMATb OOGOCHOBAHHBbIE peIIeHMS O IUIAHMPOBAHMM IPOM3BOMCTBA,
TPAHCIIOPTUPOBKY ¥ MEPCOHAsA, a TAKXKEe CIYKUT PYKOBOACTBOM [IJISI TOJITOCPOY-
HOTO CTPAaTEernMyecKkoro ryiaHupoBaHust. OmHako GM3HEC-IIPOrHO3MPOBAHNE YaCTO
BBITIOTHSIETCS C/1a60, ¥ €er0 HePEeIKO MYTAIOT C IVIAHUPOBAHMEM U LIESIMU. ITO TPU
pasHblie BeIlu.
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MporHo3supoBaHue

3aKJ/II0YAeTCs B MAKCYMAIbHO TOYHOM IIpeficKa3aHyy OyayLiero ¢ y9eToM Bceil 1o-
CTYITHOM MHGbOpPMAaIUY, BKIIOUAst MICTOPUUYECKMe JaHHble ¥ 3HAHUS O JII0OBIX OyIy-
VX COOBITUSX, KOTOPbIE MOTYT TIOBJIMSTH Ha IIPOTHO3BI.

Lenu

— 3TO TO, YTO BBI XOTeIM Gbl, UTOGBI Mpou3ouuio. Lenu HOMKHBI ObITh YBSI3aHBI
C MPOTHO3aMM U TUIAHAMM, HO 3TO TIPOUCXOAUT He Bcerma. CAUIIKOM YacTo IeNu
CTaBSATCS 6e3 KaKOro-100 MIaHa UX TOCTIKEHUS 1 6€3 KaKUX-J11160 MPOrHO30B OT-
HOCUTETbHO TOTO, HACKOJIbKO OHY PeaTyCTUUHBI.

MnhanupoBaHue

— 3TO peakius Ha ITPOTHO3bI U Lieu. [ITaHMpoBaHNe BKIIOYAET B Ce0sT OTIpeiesieHne
HaJJIeXKaX AeiCTBII, HeOOXOOMMBIX IJISI TOTO, UTOOBI BAIlIY ITPOTHO3bI COOTBET-
CTBOBAJIM BAIIMM I[€JISIM.

[IporHo3MpoBaHKe [OKHO ObITh HEOTHEMJIEMOI YaCTbIO MESITeNbHOCTU PYKO-
BOJICTBA I10 IPUHSTUIO PEIIeHMIT, TOCKOJIbKY OHO MOKET UI'PaTh BasKHYIO POJIb BO
MHOTUX 06/IaCTSIX OesTeTbHOCTY KoMITaHuM. COBpeMeHHbIM OpraHu3alusam Tpe6y-
IOTCST KPATKOCPOUHbIE, CPeTHECPOUHbIE U TOJITOCPOYHBIE TPOTHO3BI, B 3aBUCUMOCTH
OT KOHKPETHOTO ITPUMEHEHMSI.

KpaTkocpouHble NporHo3sbi

HeOoOXOAMMBI J/IS1 TVIAHVPOBAHMS TTepCOHAIa, TPOU3BO/ICTBA U TPAHCIIOPTUPOBKIA.
B pamMkax mpoiiecca IIaHMPOBAaHMS YaCTO TaKKe TPeOYIOTCS POrHO3bI CIIpoca.

CpenHecpoUyHble NPOrHo3bl

HeOoOXOIMMBI IJIS oTIpeneeHus: OyayIIuMxX IOTPpeGHOCTel B pecypcax, sl 3aKYIIKU
CBIpbsI, HaliMa IepcoHaa Uiu IMOKYIKM MallH 1 060pyI0BaHMS.

[onrocpoyHble NPOrHo3bl

MICIIONIb3YIOTCS B CTpaTernMueckKoM IIaHMpPOBaHUM. Takue peleHus OO/DKHbBI IPy-
HMMAaTb BO BHMMAaHME PBIHOYHBbIE BO3MOXKHOCTM, (PAKTOPBI OKPY)KAIOIIE Cpejbl
¥ BHYTPEHHME PECYpChI.

OTr opraHMsaiuu TpedyeTcss pa3paboTKa CUCTEMBI MPOTHO3MPOBAHMS, KOTOpast
BKJTIOUAeT B Cebsl HECKOMbKO IMOAXOIOB K ITPOTHO3MPOBAHMIO HEOIpeeleHHbIX CO-
ObITHi. TakMe cUCTeMbI IMPOTHO3UPOBAHMST TPEOYIOT Pa3sBUTHUS SKCIIEPTHBIX 3HAHUI
B 00/1aCTY BBISIBJIEHMS 3a/1a4 IPOTHO3MPOBAHMS, IPUMEHEHMS psiga MEeTOIOB ITPOrHO-
3MPOBaHMS, BLIOOPA IMOIXOISIIMX METOIOB AJIST KKIOV 3a[]auM, & TAKKe OLIeHMBAHMS
¥ COBEPIIIEHCTBOBAHMSI METOIOB IPOTHO3MPOBAHMS C TeUeHMeM BpeMeHN. Takke Bak-
HO MIMETb CWJIbHYIO OPTaHM3alMOHHYIO MTOIIEPSKKY 110 MCIIOTb30BaHNIO (GOpMaTbHbIX
METO/IOB ITPOTHO3MPOBAHMS, €CJTU MbI XOTVM, YTOOBI OHM ITPUMEHSUTICH YCITEITHO.

1.3 OnPERENEHME TOro, 4TO CZIEAYET NPOrHO3UPOBATDb

Ha paHHMX cTagusX MpOeKTa MPOTHO3MPOBAHMS HEOOXOAMMO MPUHSITH PelleHus
0 TOM, UTO CJIEAyeT IIPOrHO3UPOBaTh. Hampumep, eciiy MpOrHO3bI TPEOYIOTCS 11t
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